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Figure 1: Proposed architecture for dynamic sequence prediction (sensor readings) with the help of an
LSTM and a physics model, fy,.

ll. Physics Model for Nitrate Sensors V. Results
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Collaborators: V. Impact of Our Research

PURDUE UNIVERSITY INTEGRATIVE *  Our work can help engineering disciplines in adding physics to deep learning models

Fark INITIATIVE *  Accurately predicted future sensor readings using just few initial hours ot readings
* Employed a theoretically correct sampling technique for a practical data collection procedure.
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